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Commonly Used Emotional Databases in Psychology Research

SONG Sutao, ZHANG Wenjun

(School of Education and Psychology, University of Jinan, Jinan 250000, China)

Abstract; Emotional database is an important experimental material in psychology research. It plays an

important role in the field of emotion, and the intersection of emotion and cognition. Although there are many

types of databases, there is still a lack of comprehensive comparison of these databases, which makes it very

difficult for researchers to choose experimental materials. The emotional database in psychological research can

.74 .



be divided into discrete and dimensional emotion databases, which have their own basic characteristics, ad-
vantages and disadvantages. The future direction of database improvement is proposed: increasing the back-
ground authenticity and emotional diversity of facial expression database, improving the manner of emotion in-
duction and coding efficiency of micro expression database, and perfecting the evaluation quality of discrete e-
motion database.

Key words: discrete emotion database; dimensional emotion database; expression recognition; emotion

induction
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Research on Language Feature Engineering for Chinese Automatic Analysis

FENG Zhiwei', CHENG Yong

(1. School of Foreign Languages, Hangzhou Normal University, Hangzhou 311121, China;
2. School of Literature, Ludong University, Yantai 264039, China)

Abstract; The research on language feature engineering is the key to realization of Chinese automatic a-
nalysis, which includes “static features” describing inherent characteristics of words and the “dynamic fea-
tures” describing word association in specific sentences. How to derive dynamic features from static features
automatically is a difficult problem in automatic analysis of computer. Based on the large-scale annotation cor-
pus, by systematically teasing out the complex linguistic feature sets in the process of Chinese automatic analy-
sis, the paper summarizes the restriction rules about syntactic components, semantic roles and lexical seman-
tics, which can guide the computer to realize the automatic derivation from static features to dynamic ones, so
as to provide theoretical guidance and practical support for realizing Chinese automatic analysis.

Key words: static feature; dynamic feature; restriction rule of lexical semantics; Chinese automatic a-
nalysis
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